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Agenda
1.Defining the research question
2.Finding data
3.Setting up R
4.First attempt of coding
5.Sentiment Analysis Setup
6.Event-Window Approach
7.Current Status & Challenges
8.Next Steps
9.Feedback & Discussion
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#1 Step
defining the research question
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https://www.youtube.com/watch?v=VuGFgHeaHNE
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“What is the effect of Elon Musk’s tweets on Tesla’s stock
market performance?”
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Why is the question economically relevant?

Social media usage of CEO’s can influence financial markets
Investors react within minutes to public statements
Elon Musk’s tweets have repeatedly affected Tesla’s stock price and trading volume
Understanding these reactions helps investors, companies, and regulators manage risks
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#2 Step
finding data



11

Ka
gg

le
.c
om



12



13

then we don’t have to do much
→ work is easier

                                                                                                             

                                                      



14

Elon Musk Tweet Dataset (Kaggle)
Contains tweet text, timestamps, and engagement metrics  
(tweets, retweets,replies,quotes)

Tesla Stock Data from Yahoo
Includes daily closing price, returns, and trading volume

R’s quantmod package downloads data directly from the Yahoo
Finance API, which provides clean financial data, daily updates, easy
access via one command.
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#3 Step
setting up R
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1.working on the same project simultaneuosly without overwriting
2. structure

Premises
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1.  we created a Shared Github Repository and named *Data-
Science-and-Data-Analytics* 
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2. we cloned a project in R and linked it to GitHub
3. we set up Push-Commit-Pull
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dir.create("data")
dir.create("code")
dir.create("figs")

dir.create("slides")
dir.create("report")

4.
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#4 Step
first attempt of coding



21



22



23



24



25

Limiting our analysis
Several conceptual challenges

Multiple tweets on the same day
Difficulty visualizing patterns over long periods

DECISION: Limit our analysis to around 10 tweets and conduct a focused event-study 
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Minute interval vs daily Stock Market
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Filtering for Original Tweets

To ensure we analyse only Musk’s
communication we removed: 

Retweets, Replies, Quote Tweets
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Only using Tesla related Tweets

tesla keywords:

  "tesla", "tsla",
  "model s", "model 3", "model x", "model y",

  "cybertruck", "roadster",
  "fsd", "full self-driving", "autopilot",

  "gigafactory", "giga berlin", "giga shanghai", "giga texas",
  "supercharger", "megapack", "powerwall"
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Switch Tweet Data Set
Unsure how reliable the sentiment labels in the original tweet dataset  were
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Sentiment – Initial challenges

First Approach: Using the R package tidytext, but this fails to
understand context, sarcasm or irony

Second Approach: Using Large Language Model solutions, but
this is difficult to use with r studio
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Adopted the sentiment.ai packages
context-sensitive sentiment scoring

directly within R

To support sentiment.ai, we had to
install Miniconda + Python + TensorFlow 

Sentiment- Breakthrough
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Tweets can occur 24/7, but intraday stock data only
exists during U.S.
market hours

2 Possible approaches:
o After-hours & weekend tweets : align them with the

next market open (09:30)
o Or just use tweets that occur during the U.S. market

hours

Handling After Hour
& Weekend Tweets
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Event-window analysis (−1 to +3 hours)
Compare reactions across tweets

Choose analysis approach
Decide on visualisation strategy

Organise output data

Next Steps
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Feedback & Discussion


